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For in-memory storage in HDFS, persistence is challenging;
competition for memory between computation and /0

** |/O performance in HDFS as well as the requirement of large amount of

local disk space due to the tri-replicated data blocks is of major concern
for HDFS deployment
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NVM (byte-addressable and non-volatile) emerging in HPC
systems; Critical to rethink HDFS architecture to exploit NVM
along with RDMA
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*¢* HDFS cannot take advantage of the heterogeneous storage devices
available on HPC clusters

Overlapping in SEDA-based Approach
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